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ABSTRACT

Resources available on the internet are crucial because they can be implemented
in the business sector. Those really implemented need to be processed by statistical
and algorithm analysis as well as computer processes. When searching for reliable
sources from the database, it is found that the Thai language seems more problematic
than English when the search is being processed. This might be that of the difference of
language culture which the Thai language seems more complex. This paper introduces
the automatic Thai language classification model using machine learning, unsupervised
learning and natural language processing. The mentioned model has been analyzed
and developed into three modules, as follows: 1) Natural language processing module
is the analysis of Thai text structure in the form that the computer can be processed
correctly, 2) Maching unsupervised learning module is the automatic clustering of
Thai text, and 3) Knowledge mining module is the data source that has passed the
learning process of a uniform, no instructor in module by data stored in knowledge
mining. It is a source of valuable treasures for business and other uses as a source of
information gathered from all channels on the Internet.

Keywords: automatic Thai text clustering, natural language processing, machine

learning, unstructured learning.
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